Abstract
I. INTRODUCTION
Momentum premium that results from portfolio strategies of buying past winners and selling past losers remains one of the most intriguing challenges to finance academics and researchers for several reasons. Firstly, momentum anomaly is a violation to market efficiency. Secondly, the stock return persistence for intermediate horizon (6 to 12 months) is evident across market, across industries, among asset classes, in equity styles and over time (see, among others, Rouwenhorst (1998) , Chan, Hameed and Tong (2000) , Chui, Titman and Wei (2000) , Bacmann, Dubois and Isakov (2001) Griffin, Ji and Martin (2003) ), (Moskowitz and Grinblatt (1999) , Pang (2005) , Okunev and White (2003) , Miffre and Rallis (2006) , (Chen and DeBondt (2004) and Titman (1993, 2001 ). Finally, the return is neither a fair compensation for exposure to risk (Grundy and Martin (2001)) 1 nor can solely be explained by idiosyncratic risk factors (see also Chordia and Shivakumar (2002) and Yao (2006) ). Momentum return seems to prevail in the market.
The puzzle still unsettled in the literature is finding an answer as to what contributes to such high premium. The profitability of momentum strategy though is well-established, there is considerable dispute as to whether momentum return is due to common components or is a result of stock-specific characteristic. The intensity of momentum premium has developed explanations both behavioural and rational. Behavioural model assumes momentum phenomenon as a consequence to investors' irrationality and/or underreaction and overreaction to stock returns. Barberis, Shliefer and Vishny (1998) claim investors' conservatism to cause momentum effect, whilst representative heuristic leads to overvaluation followed by price correction. Daniel, Hirshleifer, and Subrahmanyam (1998) link momentum return with biased self-attribution and overconfidence. Hong and Stein (1999) develop models and conclude that the phenomenon is partly due to bounded rationality.
Believers of risk-based explanation document momentum as a mere compensation for bearing common risk associated with stock returns. Several common components that have been argued by early researchers to capture momentum effect includes crosssectional dispersion of unconditional expected stock returns, macroeconomic variables, industry factor, market states, seasonality effect and transaction cost (see, among others Conrad and Kaul (1997) , Chordia and Shivakumar (2002) Moskowitz and Grinblatt (1999) Cooper, Gutierres and Hammeed (2004) , Sadka (2003) and Lesmond, Schill and Zhou (2004) ). It has also been documented that Fama-French three factors can explain most of the momentum returns when used in a conditional framework (Wang (2003) ).
Nevertheless, recent researchers challenge these risk-based findings and support stockspecific components to explain momentum effect (see Grundy and Martin (2001) Kang and Li (2004) ).
The dispute remains in the literature on the setback that these earlier studies fail to give a definite answer as to what contributes to momentum return. In other words, why neither the common components 2 nor the stock-specific components 3 could fully capture momentum phenomenon? Arguably, if momentum returns is related to common risk factors and is a mere compensation for systematic risk (one would expect no momentum return once priced for such risk) then why significant momentum return results from stock-specific components? Empirical studies do not explain why the two seemingly contradictory evidences on momentum return subsist simultaneously for almost a decade and a half since first examined by Jegadeesh and Titman (1993) . This paper seek an answer for the question-the contribution of common components and stock-specific components in generating momentum return.
In this paper we examine the proportionate contribution of components e.g. common components and stock-specific components in generating momentum return by employing a decomposition approach. This decomposition approach will sharpen our understanding as to the relative importance of each component. Whilst earlier literature decomposes momentum return to explain the profitability of different sources, our focus differs in terms of measuring the relative weight and or contribution of components in generating momentum return. Our study adds to the momentum literature by analysing the contribution of components in a multi-dimensional framework. This is because one reason why the earlier studies contradict in terms of the source of momentum return is due to the assumptions and dimensions employed in their studies. For example, Chordia and Shivakumar (2002) use predictor macroeconomic variables at the individual stock level to conclude that lagged macroeconomic variables can explain momentum return.
Wang (2003) focus on industry momentum, size and book-to-market sorted momentum return and performed analysis on a conditional framework at the portfolio level. Kang and Li (2005) follow the methodology of Chordia and Shivakumar (2002) and use predicted macroeconomic variables and Fama-French factors to focus on whether or not with the inclusion of a 'missing factors' in their model momentum return still remains.
These evidences imply that the conclusion drawn by the earlier studies are conditional on several assumptions. For example, for certain common components to capture momentum effect assumptions like particular level of analysis e.g. portfolio level or individual stock level, certain types of common components e.g. predictor variables, conditional framework and certain variables e.g. micro or macro level variables need to be satisfied.
We relax these assumptions and perform a multi-dimensional analysis in a common setting. For example, literature varies in terms of three dimensions in explaining momentum return e.g. the level, the components and the phase of the variables employed.
We conduct a level analysis by incorporating both portfolio level and individual stock level, a common components analysis by employing Fama-French-three-factor components and macroeconomic components in isolation and in combination 4 and a phase of variable analysis by analysis both contemporaneous variables and predictor variables. We provide evidence that even after relaxing the assumptions momentum remains and much of the return is a contribution of stock-specific components. Our results are also robust in different sub-sample of periods.
Our paper also contributes to the literature in that we employ a decomposition approach at different dimension to investigate the proportionate contribution of each component in generating momentum return. We show that at the portfolio level the contribution of stock-specific component is crucial. We document that stock-specific component contributes 90 percent when Fama-French three factors are used both in case of contemporaneous variables and more than 60 percent when macroeconomic factors are taken into account. However at the individual stock level the contribution of stockspecific components declines by 20 percent only. For instant, the contribution of stockspecific component is 70 percent and 41 percent when Fama-French factors and macroeconomic variables are used, respectively. These evidence show that momentum return is a combined result of both common components and the stock-specific components with more pronounced effect of stock-specific components.
We also report that the contribution of common components follows the pattern of momentum return over time. For example, during the two end of the sample e.g. pre1940s and post 1995s momentum return is weak, whilst during the mid-sample period e.g. post-1940s and pre-1995s there is considerably stronger momentum return in US market (see also Hwang and Rubesam (2007) ). This could be attributed to the market crisis in late 1920s and early 1930s and the economic downturn after the unusual 'techboom' period (late 1990s and early 2000s).We provide evidence that the common components also do not contribute by macroeconomic variables during the two extreme 4 The motivations behind the use of Fama-French (1996) three factors and the macro economic factors are; firstly, we consider both empirical factors (Fama-French factors) and theoretical factors (macroeconomic factors) to test how these factors contributes to momentum return. Also these two factors have heavily been screened by the researchers in past and contemporary studies to explain momentum effect. Secondly, literature put forth contradictory evidence as to the importance of these two factors in explaining momentum return (see Grundy and Martin ,2001; Chordia and Shivakumar,2002; Wang ,2003; and Wu, 2004) ends of the sample period. For further investigation we study if the apparent momentum return is just an illusion resulting from illiquid stocks. We confirm that in several subperiods momentum return shrinks when penny stocks are removed and are more sensitive to market downturn.
In sum, the answer to what contributes to momentum premium, we conclude that momentum is a combined effect of both common components and stock-specific components. However, on average the contribution of stock-specific components is more crucial than common components in different dimensions, with less effect at the individual stock level analysis and with macroeconomic variables.
II. DATA AND MODEL
We collect returns of all stocks listed in the three exchanges including, NYSE, AMEX and NASDAQ on a monthly basis from the Centre for Research in Security Prices (CRSP) for the period from January 1926 through December 2005. We conduct all empirical investigation on the entire sample period and in each ten-year sub-period. The choice of ten-year sub-period is based on the consideration of sufficient observations so that meaningful parameter estimates can be obtained. This also allows mitigating survivorship bias and also examining how each component contributes in different subperiods. We use two common components in this study e.g. Fama-French three factors and macroeconomic factors. Fama-French three factors includes return on CRSP valueweighted market index in excess of the one-month Treasury bill rate (MKT_RF), the small-minus-big size factor (SMB) and the high-minus-low book-to-market-ratio factor using past J months information and form deciles portfolios. The lowest portfolios (loser) are short and the highest portfolios 6 These are the variables that several earlier studies document to have important implication in explaining momentum phenomenon (see among others Chordia and Shivakumar (2002) and Kang and Li (2004) ). 7 Chordia and Shivakumar (2002) and Cooper, Gutierres and Hammeed (2004) used the same macro data in their studies. We thank Jeff Pontiff for providing the data. 8 We define t* as the time period when momentum return is realized following Titman (1993, 2001 ) with a strategy of JxK= 6x6 However, these alternative momentum strategies are formed by first estimating the parameters on individual stock where the parameters require using a sixty-month window and a minimum of twenty-four observations. Literature commonly uses a sixty-month window to calculate the parameter estimates to safeguard against potential problems of non-constancy of the estimates ( i β ) in a large sample period. In our study we allow inclusion of stocks ranging from twenty-four to sixty observations the justification of which is that in the NYSE, AMEX and NASDAQ dataset exclusion of securities with less than sixty-observation will drastically reduce the number of observations. This allows examining the relative importance of Similar to Kang and Li (2004) We also report that the distributions of the macroeconomic variables are not different from non-normality. DIV represents a fat right tail and sharp peak distribution with skewness of 1.63 and kurtosis of 7.98. The distribution of YLD also deviates from normal distribution with the four moments of 3.74, 3.14, 0.87 and 3.49, respectively.
III. EMPIRICAL RESULTS

A. Statistical Properties of Data
These findings are also similar to that reported by Kang and Li (2004) 
B. Momentum Return
Panel A of Table II reports the monthly momentum return estimated over the entire sample period and in several sub-periods. Column one and two represents the Loser and Winner portfolio, respectively whereas column three reports momentum returns which is the difference between the loser and winner portfolio. The column 'Decile Portfolio Size'
represents the average number of stocks in the decile portfolio (loser as well as winner) 12 Our results are very close to the findings of Kang and Li (2004) , but it differs only insignificantly due to differences in methodology, especially the source of data and sample period. For example, Kang and Li (2004) during each sub-period. 13 The column titled '%>0' reports the total percentage of the momentum return that is greater than zero in different sample period. In calculating momentum return, we first estimate momentum return for the entire sample period from 1926 through 2005 and then sub-divide the sample period into eight sub-periods. Though the total number of months in the sample period is 960 (from January 1926 through 2005), due to the JxK=6x6 strategy and also skipping a month, in total J+K-1 (11 months) number of months is lost. The first momentum return is realized at the end of the holding period (J+K=12 month). Therefore when the entire sample period is considered the total number of months is brought down to 949 months. Hence during the sub-period 1926 through 1935 the total number of months is 109 (lost 11 observations). Thereafter in all subsequent sub-periods the total number of months is 120.
As evident from Panel A of Table II, [Insert Table II Here] For the robustness of our result, we also tried other sample periods examined by several authors in the momentum literature. We report an average of 1.14 percent Nevertheless, it is possible that due to the inclusion of illiquid stocks the momentum return as estimated in Panel A may not reflect the actual return which can be realized by an investor. Therefore we correct the problem of illiquid stocks by excluding all stocks that were traded for a dollar or less. Following Cooper, Gutierres and Hammeed (2004) we allow exclusion of stocks priced below $ 1 (also known as penny stocks) at the beginning of the holding period. 15 Panel B of Table II reports momentum return excluding penny stocks. Though in the full sample period momentum return excluding penny stocks are slightly higher than that of the momentum return, across different subperiods in six out of eight sample period momentum return shrinks when penny stocks are excluded from the sample. Intuitively, with the exclusion of penny stocks, the average decile portfolio size declines in both the entire sample period as well as in all sub-periods.
On average in different sub-periods the number of stocks in the decile portfolio went down by 15 percent. Consistent with our earlier findings we report smaller momentum return during the sub-periods 1926-1935 and 1935-1945 while a significant momentum return of 12 percent per annum (on average) after 1945. In particular, momentum return is high during the sub-period 1965-1989 of 1.24 percent. We also confirm that momentum return is more pronounced in post-1950s compared to pre-1950s. For instance, during the post-1950s average momentum return is 1.14 percent while that is 0.48 percent in pre-1950s. Since momentum return after removing penny stocks confirms that the consistent results are not driven by less liquid stocks we use momentum return thus generated in all other tests throughout this paper.
Figure 1 presents momentum return over time. As evident the return is linked to business cycle. In particular, during market crisis the variation in momentum return is dramatic.
For instance, during market downturn in the sub-periods 1926-1935, 1966-1975 and 1995-2005 momentum return performed poorly, whereas from post 1950s to mid 1990s momentum return is comparatively high.
15 exclude $5 using a sample period of where stocks with a price of dollar five can be can largely considered as a small or illiquid stock. Whereas, in our case, the sample period is from , where stocks with a price of $5 during the earlier period i.e. from 1926 to 1965 may not be treated as small or illiquid stocks. So we restrict the specification to $1 to keep a reasonable balance throughout the sample period.
C. Portfolio Level Analysis
At first we perform portfolio level analysis by employing the two sets of common components e.g. the Fama-French three factors and the macroeconomic factors. For the portfolio level, we first regress momentum return excluding penny stocks with the strategy JxK =6x6 against the two common components in this study. Since the distribution of both Fama-French factors and the macroeconomic variables are nonnormal (as reported in Table I ) and also as the residuals are heteroskedastic 16 , we derive the coefficient of the regression from White's heteroskedasticity consistent coefficient covariance. Thereafter we decompose the estimated common components, ( ∑ Again, considering the results of pre-1950s and post-1950s, during pre-1950s the combined contribution of the common components is negative with -3.02 percent and -14.70 percent in the sub-periods 1926-1935 and 1936-1945, respectively . Evidently, during these two periods, the stock specific factor contributes more than 100 percent. In the sub-periods 1976-1985 and 1986-1995 -periods 1956-1965, 1976-1985 and 1986-1995 Table III Here] 18 The period in the study of Chordia and Shivalumar (2002 ) is 1952 -1994 . This is roughly the mid period of the entire sample period.
b. Portfolio Level Analysis: Contribution of Macroeconomic Variables
For our second set of common components e.g. macroeconomic variables we report in Table IV , that in the whole sample period the total contribution of [Insert Table IV Here] In sum, the empirical evidence of Table III and IV document that for Fama-French factors the proportionate contribution of the stock-specific components dominate by a magnitude of more than 90 percent whilst for macroeconomic variables, on average the contribution of stock-specific components dominates in almost all cases.
D. Individual Stock level Analysis
In the following section we offer evidences of how the two components e.g. stockspecific components and common components contribute in generating momentum return at the individual stock level. Also we explore if the combined return generated from the alternative strategies is identical to the momentum return resulted from the conventional method. This allows measuring the magnitude to which stock-specific component and common component represent conventional momentum return. For the purpose we first estimate momentum return using the conventional method, e.g. stocks ranked based on the past returns with restricted observations and then scrutinize the contribution of the momentum return generated based on common components ( in all sub-periods. This resembles that the contribution of macroeconomic components is more distinct during period during market upturns than in downturns. This could be a partial explanation that momentum return is closely linked to the business cycle and is explained by macroeconomic factors as claimed by Chordia and Shivakumar (2001) .
[Insert Table V Figure 2 shows the proportionate contribution of the common components (Fama-French three factors and macroeconomic factors) and stock-specific components in resulting total momentum return during different sub-periods at the portfolio level. As is evident the contribution of common components is weak or even negative whilst the contribution of stock-specific factors is strong.
To summarize, the results from Table V 
E. Predictability of Momentum Return
Literature document that momentum returns is explained once the predictable components of stock returns when measured by lagged variables are considered (see also Chordia and Shivakuar (2002) and Cooper, Gutierres and Hammeed (2004) . The idea is that momentum return to some extent is predicted return and the use of predictor variables could contribute to forecast momentum return. One may then naturally wonder if the contribution of components differs when predicted returns are accounted for. To this extent we re-estimate the result by employing the lag of the common components.
The model we use is as follows where, it R is the return of each stock at time t,
f are vector of factors as lagged, ij β is the factor loadings i α is the constant and it ε is the residual. We apply the same battery of decomposition to measure the estimated common component (
), estimated stock specific components ( it t i ε α+ ) and momentum return. Similar to our earlier approach we perform our analysis in three dimensions.
a. Portfolio Level Analysis
At the portfolio level we examine whether the proportionate contribution of the common components and the stock-specific components differs when lagged Fama-French variables are in play and re-produce the results in Panel A of Table VII . We report that during the full sample period the contribution of [Insert Table VII here] In sum, the conclusion that stock-specific component contributes more than common components, does not differ even when lagged Fama-French three factors are employed.
Stock-specific components still dominates to a magnitude of 90 percent For macroeconomic variables, on average the contribution of stock-specific components dominates though the contribution of lagged macroeconomic variables increases compared to contemporaneous macroeconomic variables. Our results are in line with the argument forwarded by Kang and Li (2004) that stock-specific sources account for more than fifty percent of the profits in stock returns and hence are more crucial than the common components.
b. Individual Level Analysis
At the individual stock level when predictor components are used we report that the contribution of 
IV. DISCUSSION AND CONCLUSION
The overwhelming evidence documenting the persistence of momentum return presents a serious challenge to finance literature. Two explanations broadly given are the behavioural model and the risk-based explanation. While behavioural models argue in favour of stock-specific components risk-based explanation claims that this huge premium is due to common components associated with stock returns. Nevertheless, the literature is unsettled in terms of the contribution of common components and stockspecific components in generating momentum return. This paper examines, through a decomposition approach, the magnitude to which common components and stocks specific components contributes to total momentum return. At the portfolio level we provide evidence that the contribution of the common components is not as high as that of the stock-specific components. For the Fama-French three factors the contribution of stock-specific components is over 90 percent compare to common components. Again when the macro factors are in play, though the magnitude of the predictive common components are significant compare to the simultaneous effect, on average the contribution of stock-specific factors are more than that of the common components. The empirical findings thus confirm that the relative importance of stockspecific components is far more crucial than that of the common components in resulting momentum return.
As far the contribution of common components and stock-specific components are concerned at the individual stock level we report interesting pattern. Empirically we show that common components and the stock-specific components together are close to the conventional momentum return when Fama-French factors are considered. In different sub-periods the contribution of stock-specific components is on average more than 70 percent. But the pattern of momentum return and the contribution of common components diverse significantly when macroeconomic factors are taken into account.
Macroeconomic variables contribute to momentum return by a magnitude of 60 percent in different sub-periods.
Our findings are robust to predictor variables. Though literature document that momentum effect is captured once the predictable component of stock returns as measured by lagged variables are accounted for. We report that our conclusion regarding the relative importance of stock-specific component does not change even when lagged variables are considered. The result is more pronounced in case of Fama-French three factors; whilst the contribution of stock-specific components diminishes particularly when lagged macroeconomic variables are used. This findings leave room for researchers to rethink about the association between predictor variables and momentum return.
Similar to our earlier findings we also report that the effect of macroeconomic variable is more distinct during market upturn, in particular during the period in the study of Chordia and Shivakumar (2001) . This implies that the relative importance of macroeconomic variable is conditioned on predictor variables and on market state. Again when both the Fama-French factors and macroeconomic factors are considered simultaneously the result is somewhat mixed with more pronounced effect of macroeconomic variable in resulting momentum return.
We conclude that though the contribution of common components in generating momentum return cannot be eliminated, it is not as crucial as that of stock-specific components when applied at different dimensions. At the portfolio level, stock-specific component contributes far more than common components. However, at the individual stock level the contribution of stock-specific components diminishes particularly when lagged macroeconomic variables are employed. The effect is more pronounced during market upturn. These evidences though partially satisfies the hypothesis forwarded by Chordia and Shivakumar (2002) , but since significant contribution of stocks-specific components still remains we conclude that on average stock-specific components is crucial to momentum return.
We also report interesting pattern in momentum return over time that supports our evidence regarding momentum return and business cycle. During the two tail of the sample period e.g. pre-1940s and post 1995s momentum return is weak. The phenomenon is considerably strong in post-1950s and continues till late 1990s. This pattern of a declining momentum return after the 1990s has been documented by recent researchers (see also Henker, Martens and Huynh (2006) and Hwang and Rubesam (2007) ) that momentum return disappears after the unprecedented stock market boom during the late 1990s. The post 1950s to pre-1995s is the period when US market on an average experience market upturn. This is the period that has been studied in most research in momentum literature including Chordia and Shivakumar (2002) . Perhaps the findings of these authors are favoured by the favourable market condition during this particular time period since we provide evidence that momentum is not significantly contributed by common components in particular by macroeconomic variables during the two extreme ends of the sample period.
Our empirical results, has important implication in designing momentum strategy especially when portfolios are formed based on systematic and idiosyncratic risk components. For example, a momentum investor who forms portfolios at time t (at the beginning of the holding period) may consider the systematic and stock-specific information as news to form a prior belief about his/her investment and would like to construct momentum portfolio accordingly. In such case our findings as to the changes in the contribution of components at different dimensions could provide significant insight to construct momentum portfolio and design momentum strategy. Of course our time series analysis holds as long as Fama-French three factors and macroeconomic factors are the only common components considered. Further studies incorporating more common components and other models e.g. behavioural models and cross-sectional analysis would provide a straightforward explanation as to the significance of components in generating momentum premium across business cycle. This table reports the summary statistics of Fama-French three factors and four macroeconomic variables from July 1926 through December 2005 (955 months). MKT_ RF is the monthly return on CRSP value-weighted market index in excess of the one-month Treasury bill rate, RF, SMB and HML are the Small-Minus-Big size factor and the High-Minus-Low book-to-market-ratio factor, respectively. The macro factors are dividend yield (DIV), short rate (YLD), term premium (TERM) and the default premium (DEF). DIV is defined as the total dividend payment accrued to the CRSP value-weighted market index over the past twelve months divided by the current price level of the index. YLD is the yield on the three-month Treasury bill. TERM is defined as the yield spread of a ten-year Treasury bond and a three-month Treasury bill and DEF is the yield spread of Moody's Baa and Aaa rated bonds. Panel A represents the descriptive statistics of all these common factors whilst Panel B reports the correlation among the variables. 
APPENDIX A: EMPIRICAL TABLES
Table II Winner, Loser and Momentum Portfolios and Momentum Strategy Returns
The following table reports the monthly returns for winner, loser and momentum portfolios formed based on past six-month returns and held for the following six months, JxK =6x6 strategy. The sample period includes January 1926 through December 2005, monthly returns of 22277stocks. In each month t for all NYSE, AMEX and NASDAQ stocks with returns from t-5 through t-1 on the monthly CRSP database, the stocks are ranked into decile portfolios according to their returns during the formation period. We skip the month t between the formation and the holding period. Decile portfolios are formed monthly by weighting equally all firms in that decile ranking. Winner and Loser are the equal-weighted portfolios of the 10 percent of the stocks with the lowest and the highest returns over the pervious six months, respectively. A long position is taken in the winner portfolio and a short position in the loser portfolio and these positions are held for the following holding (K) months (t+1 to t+6). Momentum portfolio is the zero-cost portfolio that buys the winner portfolio and short sells the loser portfolio and is measured by the difference between the winner and the loser portfolios. The column 'Decile portfolio size' reports the average size of the decile portfolio during each sub-sample period. The column titled "% > 0"gives the percentage of Winner minus Loser that are positive. The last column reports the size of each subsample period. The estimates are reported in percentage, the number in bold fonts represent significance at the 5 percent level and tstatistics are given in parenthesis. Panel A reports the return of the momentum portfolio while Panel B reports the momentum return when excluding the penny stocks from the sample. The following table reports the proportionate contribution of the Fama-French three factors in generating momentum return at the portfolio level. Momentum return is estimated based on the strategy described in Panel B of Table II excluding The following table reports the proportionate contribution of macroeconomic variables in generating momentum return at the portfolio level. Momentum return is estimated based on the strategy described in Table II for the restricted observations without penny stocks with a strategy of JxK= 6x6. Thereafter the momentum return is regressed on the macroeconomic variables for each sub-sample period separately. The estimated coefficients of the regression are then decomposed into the common components and the stock specific components. The sum of the product of the estimated coefficients and the factors The following table reports the proportionate contribution of the alternative momentum returns generated based on the two raking criterion e.g. stock-specific factors and both Fama-French factors and macroeconomic factors simultaneously. Momentum return (restricted) is generated using a sixty-month window and a minimum of twenty-four observation. Momentum return generated based on the stock-specific components and common components are also given. The percentage contribution of the two alternative momentum return is reported. The column title 'Total' gives the total contribution of all the factors in resulting momentum return. The following table reports the proportionate contribution of the lagged Fama-French three factors and lagged macroeconomic factors in generating momentum return at the portfolio level. Momentum return is estimated based on the strategy described in Table I for the restricted observations without penny stocks with a strategy of JxK= 6x6. Thereafter the momentum return is regressed on the lagged Fama-French factors and lagged macroeconomic variables for each sub-sample period separately. The estimated coefficients of the regression are then decomposed into the common components and the stock specific components. The sum of the product of the estimated coefficients and the factors The following table reports the proportionate contribution of the alternative momentum returns generated based on the two raking criterion e.g. stock-specific factors and both lagged FamaFrench factors and lagged macroeconomic factors simultaneously. Momentum return (restricted) is generated using a sixty-month window and a minimum of twenty-four observation. Momentum return generated based on the stock-specific components and common components are also given. The percentage contribution of the two alternative momentum return is reported. The column title 'Total' gives the total contribution of all the factors in resulting momentum return. The numbers in the parenthesis in column six and seven represents the percentage contribution of 
